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How technology enables EHR-to-EDC data transfer



Structured data domains with high EHR-to-EDC potential

Laboratory
The system is able to rapidly export lab 
data and this is often the largest burden in 
many study designs.

Vital Signs
Often required in interventional studies 
and certain study designs (especially 
critical care) have a large burden here.

Concomitant Medications
Certain studies can have hundreds on 
conmeds per patient and this data can be 
transferred by the system.

Demographics
A less valuable example as the volume of 
data required is often fairly low, but the 
system can still help if required.
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What impact can EHR-to-EDC have on a study today?

ONCOLOGY STUDY –
GASTRIC AND GASTROESOPHAGEAL 
JUNCTION CANCER

• 900 patients
• 20 visits per patient
• EHR-to-EDC used for 16 forms (15% of total forms)
• 6 vital signs forms
• 9 lab forms
• 1 conmeds form (avg. of 50 medications)

*Source: Sanofi, EHR2EDC consortium project

** Time per visit using automation benchmarked at 7 minutes per visit / 2.3 hours across 20 visits

Total number of data items per 
patient 

Average time taken due to
manual data entry

Average time taken per patient to 
enter data manually over 20 visits

Estimated time gained by 
using over 20 visits

1374

3 minutes*

4122 minutes =
68.7 hours

66.8 hours =
96.5% time-saving

For this study example, from the 15% of 
mapped total forms, the system is 
transferring 50-70% of all data for the 
study.



Understanding unstructured data

Shah, Shahid & Khan, Rizwan. (2020). Secondary Use of Electronic Health 
Record: Opportunities and Challenges. IEEE Access. PP. 1-1. 
10.1109/ACCESS.2020.3011099. 

• Typically, the 80/20 rule applies to unstructured data.

• If 50-70% of the  data required for a clinical trial is structured data, 
how do we solve the other 30-50%?

• Research indicates that 80% of the unstructured data in healthcare is 
imaging – a highly specialised category.
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High volumes of curated 
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Commonly more ‘dirty’ data 
captured in routine care
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The endgame

• Providing unstructured data in a regulatory-compliant way 
requires a ‘human in the loop’.

• When data is presented to site experts, they need to be able to 
look ‘under the hood’.

• There are many challenges en route to this perfect endgame.



How do we reach the endgame?

Sourcing the 
data

De-
identification NLP/NER Storing the 

data
Serving the 

data



So is AI the answer to EHR 
eSource data transfer?

• In part, but it is a more complex challenge.

• Not all unstructured data is created equally, and it 
comes from disparate sources.

• Different unstructured data requires specialist 
expertise.

• Many AI challenges are already being resolved, so 
how do we bring these together effectively for 
clinical research?



Thank you!

richard.yeatman@ignitedata.com

Get in touch

Questions?

Learn more about data 
capture transformation 
today!
• Visit IgniteData on BOOTH 8
• Speak to me at ACDM24 
• Email me with your questions


